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Wednesday (6/12) 7:00-8:00am
* Transportation

e Healthcare

Thursday (6/13) 7:00-8:00am

* Finance

 Marketing

Contact for more details:

cshernaman@alteryx.com
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(NOWLEDGE
WELCOME TO THE ALTERYX COMMUNITY 2
Connect with peers and find out mare about aur community.
Latest Topic: Two Tables - No Common Flelds - Need All Combinations
SETUP & CONFIGURATION {

Designer & Server: install, configure, deploy, and conquer!
Latest Topic: Tomecat as a Web Server
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DATA PREPARATION & BLENDING * Find answers CIU|Ck|y

Prep, parse, sum, flip, append, and blend your data!
DEVELOPERS Latest Tople: Use the results from the previous query to query from different databa...

e Share your knowledge

ADV/! CEDAN (7 &
edil ., -Jati;: . opraphic, | avioal im gl

B B LGl . « Connect with peers

“LLFH‘_ ::blish. shgzt‘;iiZ:‘a:;:::: Macros, apps, reparts & dashboards ' ° D I scover new A I te ryx use cases

Latest Topic: Atteryx 11.7 + Tableau Server 10.5 - Can't publish?7?

B Knowled e Submit your bright ideas
nowledge

* Read insightful blogs

ALTERYX KNOWLEDGE BASE
Get started: helpful articles, sample modules, and apps!

Latest Topic: Managing Data Connections Between Server/Scheduler and Local Ma... : ® D eve I (@) p too I S, Macros, an d d p pS

ALTERYX USE CASES
Learn how you can leverage Alteryx in your organization.
Latest Topic: Predict Diabetes Risk
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MEETING ROUND UP IS LIVE!

e Catch up on missed
meetings!

 Share content with
colleagues!

 Discover what other User
Groups are up to!

6 ©2018 Alteryx, Inc.

aLteryX ‘ COMMUNITY Search the Community

no YOUR POTENTIAL

[
STARTED

Connect with a community of data science and analytic experts to discover new solutions to complex challenges, contribuite

the rapidly developing industry.

DESIGNER

;{“—" 0 Announcement | We're thrilled to announce our newest Alteryx Designer Expert Certified usersl Learm more

SERVER

5N
GONMECT

PROMOTE

ACADEMY

Built with you in mind. All the training you need now; no fluff.
Never. Stop. Leaming.

ALTERYX 284 Posts

ALTER.NATION

Be a part of the big picture. Find people who share your passion, locally and online, in one
of our numerous groups.

1.9K Posts

P
All community g LaurenU

Shal ur HTML tools on Dev Space by
€ to win a Nintendo Super N

COMMUNITY ACTIVITY
«® 118407 Posts

68971 Stars

" 8757 Solutions

BLOGS PARTNER COMMUNITY

Insights and ideas from the brightest minds in analytics. 4\‘ R
1.2K-Posis

ALTERYX USE CASES

CULTURE & EVENTS
LATEST PHOTOS

Immerse yourself in data and analytics culture through podcasts, online events, and the
Inspire conferencel

255 Posis



Agenda

SENSE CORP CUSTOMER
PRESENTATION PRESENTATION WHY SENSE CORP? HAPPY HOUR
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* Introduction * Prime Therapeutics *  Why Sense Corp

* Sense Corp *  Product Model * Closing

. Promote Demo
*  Analytical Models

Presented By:

Scott Verley, Manager Pharmacy Networks
Austin Neuburger, Sr. Analyst

Michael Halling, Pricing Analyst




Introductions

Tom Hymanson Tom Gonzalez Kirk King Gaby Lio R

Managing Director, Analytics Director Alteryx Engineer Data Scientist
Minneapolis TGonzalez@sensecorp.com Kirk.King@sensecorp.com GLio@sensecorp.com

THymanson@sensecorp.com
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Powering Insight-Driven Organizations
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Powering Insight-Driven Organizations
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FOUNDED IN 1996
°
LOCATIONS ., ‘ -~ 5,000 HOURS
® ]

@

Atlanta, Austin, Columbus, Dallas, ~* Contributed annually
Houston, Minneapolis, St. Louis to community organizations

ey

100% CUSTOMER 100% EMPLOYEE

SATISFACTION OWNED

Enterprise
Data Strategy

Data
Governance

MDM

Data
Engineering

tx 7@

Data
Visualization

Advanced
Analytics &
Data Science

Big Data

Data
Security

... we turn data into actionable
insights and transform
organizations for the digital era.



Sense Corp has delivered exceptional results to hundreds of the world’s
largest global organizations and complex government agencies.
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Some Basics

Data Cleansing Tools
BB nout @ Preparation [ Join @ Parse P Transform

Level 1

Level 2 Predictive Analytics Tools

ﬂ- Predictive B AR Testing ﬂ Time Series El Predictive Grouping E Prescriptive

Developer Tools o
Level 3 e © @ & © 0 @ & O 0O 0 @ @ @ © @ @ ®: )a D

Apache APl Qutput Base64 Blob Corvert  Blob Input  Blob Qutput  Block Until Detour DetourEnd  Dynamic Dynamic Dynamic Dynamic Field Info JSOM Parse Message R Run Test
spark Code Encoder Daone Input Rename Replace Select Command
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Enterprise Solution

Data
Analyst . |.T.

Data Cleansing Tools
B In/Out .- Preparation . loin B Parse l Transform

Predictive Analytics Tools

ﬂ- Predictive ﬂ AR Testing ﬂ Time Series {;) Predictive Grouping E Prescriptive

Developer Tools

# Developer
5 5
e © @ O O 0 ® ¢ 0 00 @ @ 0 0 © @ & @
@'- k’o 3 ) 5 R-. B
Apache AP Qutput Base64 Blob Convert  Blob Input  Blob Qutput  Block Until Detour Detour End Dynamic Dynamic Dynamic Dynamic Field Info JSOM Parse Message Python R Run Test

spark Code Encoder Dane Input Rename Replace Select Command

Gallery
Connect Promote

Scheduhng




Enterprise Solution

Data Cleansing Tools
Analyst B nout .- Preparation . loin B Parse l Transform

Predictive Analytics Tools

DEYE

. . ﬂ- Predictive ﬂ AR Testing ﬂ Time Series {;) Predictive Grouping E Prescriptive
Scientist

Developer Tools

# Developer
H H » » » 3
{Bp > LW ,6}) ,€>> @ ,@)) ; ®, ,., {:; @ ,@> ,.> ,@> ,©> (R Cy ,
E 5 k’o 3 @) » .! » > 3 R 5 =
Apache APl Qutput Base64 Blob Convert  Blob Input  Blob Qutput  Block Until Detour Detour End Dynamic Dynamic Dynamic Dynamic Field Info  JSOMParse  Message R Run Test
Input Rename Replace Select Command

spark Code Encoder Dane

Collaborative Workflow




DATASCIENCE &
ANALYTICSTEAMS

alteryx

PREDICTIVE
MODELS

The Thrill
of Solving

alteryx | PROMOTE

MASTER NODE

™ MAKE
™ PREDICTIONS

WORKER NODES

Code Free & Code Friendly

) |

FRONT-LINE
EMPLOYEES

L

MARKETERS
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APPLICATIONS



Clustering Model a

Retail Customer Segmentation




What is K-Means Clustering?

* Set of observations with several
available measurements

— We want to find out if the observations .
naturally group together in some
predictable way

RAW DATA CLUSTERED DATA VISUALIZATION

* How do we cluster? o

— Measuring the distance (or some other :
measure of similarity) between the .
different observations

o K-mea ns -2 -1 0 1 2 3 4 5 -2 -1 0 1 2 3 4 5

— Starts first with a group of randomly
selected centroids, then performs
iterative calculations to optimize the
positions of the centroids




Choices to Make

¥
d=/(%-% )+ (y,- v, )

* Distance '
— Euclidean distance - ;,. (% ¥2)
— Manhattan distance —_— 3
e Standardization

— Z-Scores: subtract their mean, and divide by their standard deviation

— Unit Interval: subtracting the minimum value of the field and then dividing by the range of
the field

* How many clusters do you pick?

— Calinski-Harabasz Index- ‘how separated clusters are from each other and how compact
within each cluster’

— Adjusted Rand Index — ‘how similar units are within a cluster’




The Data Set

) Historical sales data for 45 Walmart
stores located in different regions.

Each store contains several departments

| |
|
|
LLL)

]

Features Table

Provided 3 Tables Sales Table
Store Table

(L0




Outcome

CLUSTER 1

- Large Stores

- Purchases are made when
economy is doing good

- Bringsin the most sales

- Even when CPl is high,
consumers continue to shop
at these stores

(11 stores out of 45)

CLUSTER 2

Medium Sized Stores

Most likely customers with
less income in these stores as
only shopping when CPl is low
Average sales are made

(21 stores out of 45)

CLUSTER 3

Small Stores

Customers make purchases
when economy is doing good
(i.e. fuel prices are lower,
unemployment is lower)
Bring in the least sales

(13 stores out of 45)




Classification Model a

Marketing Campaign Responses Success




What is Binary Classification?

* Falls into the domain of supervised learning since the training
dataset is labelled. Simply a special case in which there are only two
classes you are trying to predict.

— Some typical examples include: Data with Binary Response

e Credit Card Fraudulent Transaction detection
* Medical Diagnosis :
* Spam Detection

* Various models can be used 3 .
for binary classification which include:

— Decision Trees
— Neural Networks °

- I—Og|St|C RegreSS|On 0.0 02 04 06 08 10
— Support Vector Machines




The Data Set

* This is a bank telemarketing data set
— From UCI machine learning repository

* Data set has information about customers and the campaigns done by bank
towards term deposit.

— There is column named y in the data set which tells whether or not the customer opted term
deposit
* Some other predictor variables include:
— Age
— Marital
— Education
— Job
— Default — has credit in default?
— Balance — average yearly balance
— Pdays - # of days that passed after client was last contacted from a previous campaign
— Duration — last contact duration (in seconds)




Models Used

Forest Tree Model

Decision Tree Logistic Regression

Logistic Regression Example

root node

salary at least
$50,000

decision nodes

commute more
than 1 hour

offers free
coffee
no
leaf nodes
decline
offer

« Boundary

« False samples
» True samples
1.7

Decision Tree:
Should | accept a new
job offer?




Decision Trees vs. Logistic Regression

Decision Tree, '-measure = 1.000000

Logistic Regression, f-measure = 0.854290 Decision Tree, 1~measure = 0.889780 Loot§ll: Regression, l-meawe = 0.922420
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If this were the data, a decision

If this were the data, a logistic
tree would be the better model regression would be the better
to use model to use




Topic Modeling ‘*

Austin Airport vs. MSP Airport Tweets




What is Topic Modeling?

* “Fach document can be described by a distribution of topics and each
topic can be described by a distribution of words”

)Og 15 é Olympics
e et idaia Al bots
o podertln oy 7 ®  Jbeat Dota
Dogs Cats are around the
- > players
loyal evil mets
S
= /’
>
/
e // /
Ve
Animals Sports Tech

= . / /

dog animal loyal cat evi Olympics comer Al beat Dota players flying cars driven

deled by 3 set of topics and documents are modeled by a set of topics. The relationships are
the first example because there’s a fewer connections than the first example.




Layman’s Explanation

e Latent Dirichlet Allocation (LDA) is a type of topic modeling algorithm that learns the
representation of a fixed number of topics and learns the topic distribution that each
document in a collection of documents has as well as the distribution of words in each
topic. For example, if we were given the following sentences:

— A: | spent the day watching Messi kick the ball around and play soccer.
— B: | ate spaghetti with meatball sauce for dinner.
— C:l love eating pasta with marinara sauce while watching Argentina play soccer in the World Cup.

* LDA might say something like:
— Sentence A is 100% about Topic 1
— Sentence B is 100% Topic 2
— Sentence Cis 50% Topic 1, 50% Topic 2

 LDA will also discovers that:

— Topic 1: Soccer 60%, Ball 20%, Play 10%, World Cup 10% ... (where we notice that topic 1
represents things related to Soccer)

— Topic 2: Sauce 40%, Spaghetti 20%, Meatballs 20%, Pasta 20%, ... (where we notice that topic 2
represents things related to Italian Food.)

ENS
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The Data Set

e Used Twython (Python Package) to pull live data from twitter

— 100 pull limit per search term

— Used @mspairport and @AUStinairport twitter handles (official airport twitter handles) for
the search

* Used regex functions to pull out body of tweet and place all atx and
msp tweets into each of their own data frames




Past Topics

Record & id msp topic Record # id atx_topic
1 @15*"well" + 0015 trump” + 0.010% time" + 0.010* " off" > 1 0 0010 parking” = 0010 undate" = 0010 hect” + 0010 robotic”
2 19+"air" + 0.012*"today” + 0.012*"force” + 0.012*"it" 2 < 0.014* terminal” + 0.010%"opening” + 0.008%see” = 0.008* flight” >
3 2 0.020%'mn” = 0.016* paul” + 0.016% —saint” = 0.016* international” 3 2 0.014* 7" + 0.012* international + 0.012* bergstrom” + 0.012* stage”
e Trump and Air Force One on 2019-04-16 run * New Terminal Opening where you can sit outside
and see flights on 2019-04-23 run
Record # id msp_topic
1 o 0,009 " hour” + 0009 also” + Q009" in" = 0.007* way" | Record # id atx_topic
2 < 0S*today” + U 2% update” + 0010 power” + 0010 know™ > 1 0 0.013* fly" + 0.013* " new” + 0.011*"stage” + 0.005*"gate”
3 2 0015 flight” = Qaouas air. = oua: make. + ouo: mn 2 1 0L13*'n” = 0.011*"international” + 0.011* bergstrom” + 0.009*"great”

3 &< 0014 flight” + 0.011* coffee” = 0.011* robotic” + 0.011*"briggo” >

* MSP Power Outage on 2019-04-17 run
» 24/7 Briggo Robotic Coffee Machine on 2019-04-

Record # id atx_topic 24 run
1 0 0.020*"bergstrom” + 0.013* intarpational = 0.011*flight” « 0.010*"time"

2 (D.DEE*"parking" + 0009 "full” + 0.009* “would” + LO09* "update” >
3 0.011*"flight” + 0.003*“today™ + Q.007T*"weather” + Q.007T*"severe”

» Severe Weather (hail and tornado watch) and
Parking lot full on 2019-04-17 run




Costumer Presentation Prime Therapeutics — Product Model

alteryx

Digital automation of manual
analytic processes leads to
operational savings.

7

RESULTS
Capability to monitor all pharmacy networks performance daily instead of
quarterly.
Client earned the president's award (highest level of recognition at the
company).

Operational savings. Avoided costly solution. Re-deployed analysts to
higher-value work.

Positioned to extend with Geo Spatial capability to correlate distance
between customers getting prescriptions and their pharmacies in order to
drive new revenue opportunities with delivery service partners.

g

Situation

The pharmacy network analytics team is responsible for the monitoring
and negotiations of multiple pharmacy networks for their clients. This
PBM has over 2,500 networks that they contract to manage drug cost
for their clients.

Challenge

To achieve monitoring and performance management of their
networks, many SAS scripts would consolidate data feeds from third
party systems to be analyzed. Analysis could only be performed
guarterly given technology solution limitations and the manual data
engineering. This department was looking to spend SIMM to have a
system created and hire 11 additional analysts to support future
growth.

Solution

v Introduced Alteryx. In 90 days, delivered Alteryx solution to fully
automate data engineering processes.

v’ Delivered Tableau visualizations of KPIs for analysis.

SENSE
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Prime Therapeutics -

Scaling Business with
Alteryx




Prime Therapeutics

* Processes claims and offers clinical
services for people with complex
medical conditions.

Prime serves more than 27 million
people.

Collectively owned by 18 Blue Cross
and Blue Shield Plans, subsidiaries or
affiliates of those plans.




* Inability to scale any business
— In 2018 the marketplace demanded based on current technologies, pre

an industry-wide increase in Alteryx.
customization of pharmaceutical
management.

— Scalability needed in all product
spaces
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Data Collection and Blending

* OLD PROCESS NEW PROCESS
* Weekly Process
* Excel * Dynamic Inputs
* Access Preparation Toolset
e SPSS

- Join Toolset

* Transactional Data
- Developer Toolset

* System Data

« Transform Toolset
* Industry Data

 COPY/PASTING
. 15 Hours / Week

- Parse Toolset

35






The Model

Model Drivers/Levers

System Validation & Load

P —r Lty
e e g o
[T—r 1 5

Data Feeds

Good Ol’ P&B

10 Situational MACROS
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The Product Management Model

* OLD PROCESS NEW PROCESS

Weekly Process e 1 Alteryx Workflow
- Teradata & In-DB Toolset
- Developer Toolset
 Interface Toolset
- Macros (Batch, Standard,
Iterative, Crew)
* Robot Job (SFTP) - Loading

* 1 Employee, maybe...

Hundreds of Individual Excel
Spreadsheets

Multiple Access Databases
VBA Macros - Loading
6 Employees

38
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Validation

* OLD PROCESS

 SPSS Queries

e Excel Vlookups

NEW PROCESS

Automated Alteryx Process
Directory Tool
Join Toolset
Interface Toolset
Standard Macros

39



Accomplishments

New Process

Old Process 2 60
10 400 Annualized Hours (Post
’ Business Scaling)

Annualized Hours

(Pre Business Scaling) +900% over 2
years.

10,140

Reduction
195 Hours / Wk

1l S800K

~10 FTE Reduction

40
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Client Reporting

Old Process:

Minimal amounts of client
reporting possible.
Query/Excel based

Hours to reproduce when
needed

Current State:

Fully Automated Process

Creates ~500 Unique Reports Weekly
and growing

Reports Tailored to Each Client

Customized Client Tableau Dashboards

41



Time Savings Benefits

e Alteryx Power Users:
* Function as Consultants and Trainers
* Add Efficiencies within Division
* Project & TATs
* Consistent Reporting / Documentation
Do what we want, not what we have to do
 Grow and Evolve Business




Alteryx Server

Analytic Apps and Canned Reporting
Further Tableau Integration

Data Research and Gathering
* Public API’s

Predictive Modeling

Continued Scalability




WHY SENSE CORP?

v" Alteryx partner.

v’ 20+ years of delivering enterprise-class data and analytic solutions.
Strategy-through-Implementation.

v Deep data engineering expertise.

v Robust expertise at every step of the analytics journey towards advanced
analytics & data science capabilities.

v' Complimentary Transformation and Digital capabilities that help “close the
last mile of analytics”.

v’ Local partner with ability to draw upon national strength of our firm.

Sense Corp will accelerate your client's analytics capabilities by streamlining the

acquisition of data and supporting technologies with Alteryx.




alteryx

Closing Announcements

* Thanks to the Training Haus
* Thanks to Prime Therapeutics amm o
* Alteryx User Group Leadership
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Happy Hour!
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